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Background (4/4)

Reference Tree Feature vector
(Jomier et al., 2005) quadtree color moments
(Kim and Kim, 2000) quadtree shape feature

(Lin et al., 2001) quadtree average color vector in the root and 
color histograms in the other nodes

(Lu et al., 1994) quadtree color histograms
(Luo and Nascimento, 2003) mixed between a nona and a quad trees mean and covariance color

(Malki et al., 1999) quadtree color and texture histograms
(Remias et al., 1997) nona-tree texture vectors

Related works based on multi-level feature vector
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Global search using ∆-distance

Query image

Query result using ∆-distance

Query result using a global distance
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Rank 1

Rank 4

Search criteria : values and location of the image features 

From the 
prototype of 
(Jomier et al., 
2005)
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(a) Query image

(b) 3 level quadtree image 
representation

(c) Quadrants 
selected by the 

user

(d) Minimum bounding 
rectangle minimum 

containing the selected 
quadrants

Adapted from 
(Malki et al., 
1999)

(e) Translation of the minimum bounding rectangle

Using ∆p(i,q) where wn>0 for all selected image quadrants 
and wn=0 for the other quadrants
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(a) Query image : w00=0.9
and w01=0.1 and other 

weights wn=0

(b) Query result
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Pattern search (2/2)

From the 
prototype of 
(Jomier et al., 
2005)
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From the prototype of (Jomier et al., 2005)

(a) Query image

(b) Query result
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Conclusion and future work
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Done : ∆-distance presentation 
o Definition of a metric distance between images represented 
by multi-level feature vectors
o Global image retrieval, computed by multi-level filtering
o Pattern and sub-image searches
o Generalization of existing distances, based on weights wn
and on δ-distance between image quadrants

To do : Develop a ∆-distance based prototype 
o To compare existing works
o To help the user to choose weights wn and δ-distances 
o Including full-balanced multi-level feature vectors and those 
based on image segmentation
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